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Measuring Progress on Scalable Oversight for Large Language Models, Bowman et al.2022
Scalable Meta-Evaluation of LLMs as Evaluators via Agent Debate

,  Chern et al.2024
Superalignment: https://openai.com/blog/introducing-superalignment

Weak-to-Strong Generalization: Eliciting Strong Capabilities With Weak Supervision, OpenAl 2024
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Foundations of Statistical Natural Language Processing Christopher Manning

and Hinrich Schiitze (1999)

B An Introduction to Natural Language Processing, Daniel Jurafsky and James

Martin (2008)

N Neural Network Methods for Natural Language Processing, Yoav Goldberg
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O ACL
B RAIF19628, BE—IR
B NLPATRIES FRRAERIHNZIN
e B, WMo SF=
O EMNLP
B RET19965F, T TNLPRARRIZLIGTTE

\ \

B [EESIT AR FE IFARNMA iz

O NAACL
O TACL (EAH)
B BNR1SEELUEH
B EREHIFIACLIES
O COLING
B 7F19655, WE—R

Categories > Engineering & Computer Science » Computational Linguistics

Publication

Meeting of the Association for Computational Linguistics (ACL)
Conference on Empirical Methods in Natural Language Processing (EMNLP)

Conference of the North American Chapter of the Association for Computational Lii
Language Technologies (HLT-NAACL)

Transactions of the Association for Computational Linguistics
International Conference on Computational Linguistics (COLING)
International Conference on Language Resources and Evaluation (LREC)
Workshop on Machine Translation

International Workshop on Semantic Evaluation

Conference on Computational Natural Language Learning (CoNLL)

Computer Speech & Language

NLPEUE R I 1\ A=W (HAT)) Topl0

RIBERFEANISIR
https://scholar.google.com/citati
ons?view _op=top venues&hl=en
&vg=eng_computationallinguisti
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OO0 ACL Rolling Review (ARR)
B 55 BPAMEBREDG, RS, —FXNSWIKEERIVENIK, TiA#E
RARERSEIMEN
B KA CMUZIEGraham NeubigZRAIZINARR, FHER
® SRR

¢ RIIRBEFESW

Cycle Submission Date = Author Response = Cycle End

February 2024 Feb 15th March 24th - 27th  April 15th g ‘ .

April 2024 April 15th June 15th ’\\ (Y

June 2024 June 15th August 15th w | *
August 2024 August 15th October 15th | ;
October 2024 October 15th December 15th

December 2024 = December 15th February 15th

https://stats.aclrollingreview.org/
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O ACL Antholoqgy

ACL Events
Vi 2023 - 2020 2019- 2010 2009 - 2000 1999 - 1990 1989 and older bib (full) Proceedings of the 61st Annual Meeting of the Association for Computational Linguistics
AACL B2 (Volume 1: Long Papers)
Aot FRANPEREEVERT BB G ERMRO RO KPS gi DRSS %8 TremE fg e 3 bib Proceedings of the 61st Annual Meeting of the Association for Computational Linguistics (Volume 1: Long Papers)
i = Ll . b = Anna Rogers | Jordan Boyd-Graber | Naoaki Okazaki
c 23 22 21 20 19 18 17 16 15 14 13 12 11 10|09 08 07 06 05 04 03 02 01 00 99 98 97 96 95 94 93 02 91 90 &89 88 &7 86 85 84 83 62 81 80 78 3
CoNLL 23 22 21 20 19 18 17 16 15 14 13 12 11 10|09 08 07 06 05 04 03 02 01 00 99 98 97 D bvic @ Program Chairs’ Report on Peer Review at ACL 2023
EACL 23 21 17 1 12 09 06 03 09 a7 a5 o3 91 89 a7 35 a3 Anna Rogers | Marzena Karpinska | Jordan Boyd-Graber | Naoaki Okazaki
E_MIT“'P e B el e S R il ol B W B 2D bvib 8 One Cannot Stand for Everyone! Leveraging Multiple User Simulators to train Task-oriented Dialogue Systems
i i [ ] Yajiao Liu | Xin Jiang | Yichun Yin | Yasheng Wang | Fei Mi | Qun Liu | Xiang Wan | Benyou Wang
wsLT 23 22 21 20 19 18 17 16 15 14 13 12 11 10|09 08 O7 06 05 04
NAACL 2z 2 1918 1615 13 12 10009 07 06 04 03 01 00 D vib ™ SafeConv: Explaining and Correcting Conversational Unsafe Behavior
SemEval 23 22 21 20 19 18 17 16 15 14 13 12 10 o7 04 01 o8 a Mian Zhang | Lifeng Jin | Linfeng Song | Haitac Mi | Wenliang Chen | Dong Yu
i e N e [ paf T abs | Detecting and Mitigating Hallucinations in Machine Translation: Model Internal Workings Alone Do Well, Sentence Similarity Even
TACL 23 22 21 20 19 18 17 16 15 14 13 (] Birta
s kol b R BRI e David Dale | Elena Voita | Loic Barrault | Marta R. Costa-jussa
ws 23 22 21 20 19 18 17 16 15 14 13 12 11 10|09 08 O7 06 05 04 03 02 01 00 99 98 97 96 95 94 93 91 9 8 & 8 83 & 79 3
SiGs ANN | BIGMED | DAT | DIAL | EDU | EL | FSM | GEN | HAN | HUM | LEX | MEDIA | MOL | MORPHON | MT | NLL | PARSE | REP | SEM | SEMITIC | SLAV | SLPAT | SLT | TYP | UL | UR | WAC (T abs | Explainable Recommendation with Personalized Review Retrieval and Aspect Learning
0 Hao Cheng | Shuo Wang | Wensheng Lu | Wei Zhang | Mingyang Zhou | Kezhong Lu | Hao Liao
Non-ACL Events
Venue 2023 - 2020 2019 - 2010 2009 - 2000 1999 - 1990 1989 and older D v B Binary and Ternary Natural Language Generation
ALTA S e o018 B e G55 G 0% o ol [ | Zechun Liu | Barlas Oguz | Aasish Pappu | Yangyang Shi | Raghuraman Krishnamoorthi
MTA = il i 0 % e B 0 B 00 8 Nl 8 oo b =3 vib I Span-Selective Linear Attention Transformers for Effective and Robust Schema-Guided Dialogue State Tracking
e 2 22 2F A0 o Bjorn Bebensee | Haejun Lee
COLING 22 20 18 1% 14 12 10 08 06 04 02 00 98 9 94 92 90 88 86 84 8 80 73 69 67
EAMT 23 22 20 18 16 15 14 12 11 1009 o8 06 05 04 03 02 00 99 98 97 96 94 93 m bib E EM Pre-training for Multi-party Dialogue Response Generation
HLT 06 05 04 03 01 94 93 2 91 90 89 86 Q Yiyang Li | Hai Zhao
ueae il R e N e R R O R ] vib [ ACLM: A Selective-Denoising based Generative Data Augmentation Approach for Low-Resource Complex NER
J1CHLE: e kb v 1 i i S L a Sreyan Ghosh | Utkarsh Tyagi | Manan Suri | Sonal Kumar | Ramaneswaran S | Dinesh Manocha
JER/TALN/RECITAL 21 20 19 18 17 16 15 14 13 12 11 10|09 08 07 06 05 04 03 02 01
KONVENS 2 2
LT 19 18 17 16 15 14
LREC 22 20 18 16 14 12 10, 08 06 04 02 00
MTSummit 23 21 19w 15 1’om 09 o7 05 03 01 99 9 95 93 91 88 87
Muc 98 95 93 92 9
NEJLT 22 21
PACLIC 23 22 21 200 1817 16 15 14 13 12 11 10/09 08 07 06 05 04 03 01 0093 98 9 95
RANID 22 21 10 17 15 12 11 na
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B axsswmEeR: BRE (1950-2010)

i8] BT ER FERM
19505 K BHIRE & RN 3R
1960-19804E4% 0 U £ 7t B HA ELIZAZFRE TN X TER Gt
X s B /RO KARE (HMM) FEe1H1RE N AT NLP
== 7 S ’IIIA~ KA “ JIEN
19904 FTTRAIE S SHEEN (SVM) BH18% S B A FHAR
20004 W58 S 7 S 2 T M HFEEN (SVM) . &HFREYE (CRF) F#E

NLP{ESS FHI
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N asissaEsR: ERS

i8] 74244 FERHE
19505 K BHARE B RN iR B
1960-19804E4% . 0 U £ 7t B HA ELIZAZFRE TN X TER Gt
EMNLPE

) SN D /RET A (HMM) 255 HERI A TNLP
199054 B TR R I B (SVM) S48 Sk T 4Ry B

20004 % nEysmannn  CoRE0 (S) L SIS (CRF) S

Text categorization with support vector machines: Learning with many relevant

features
T Joachims Cited by 12924

European conference on machine learning, 1998 - Springer

Conditional random fields: Probabilistic models for segmenting and labeling
sequence data

J Lafferty, A McCallum, FCN Pereira
2001 - repository.upenn.edu

Cited by 18432




J BAESAIE{ESS: Text to Label

O {5k
B AN —ERA (text)
B il BERE (label)
O BiMES
B [FRDR

1IN

B HRAREITE

O i+
v BB
%E;J%%' %Q 3, w4 (269)
L BIR R SHCENEFENBE,, WA A AKA BeEE It - ;;""

' Co HiRebE (14)




J BARESAIE(ESS: Text-Span to Label

O {55
m A —4\’€J¥(text)$n—/|\iﬁﬁﬁ(span)
[ EEJL:II: EMZJ_TE
O BRMES
B ET "UE" BERkoE
O 1@%

B XGERFVHE RS T IERES, 1RER, R
BitlEap A, Lﬁ&ﬁﬁ%go"

Bif. BHZE,




J HIAESAIER{ESS: Text-Text to Label

O (5t
BN XA

G KBRS AER LT e S DXAR
O BNMESE (contradiction) EZH 1z (neutral)
B BNESEE (natural IaTguagTin?rence)
O 5
B GF . R FELEETTE,
B gF2:

O ZFIEEAE (FE)
O ZBAIEEZZ NI (ES
O Z\FEIEFET—NEERRT (37)
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J HIMESAEE(ESS: Text to Labels

O {E5mk:
B A XA
m Y RSES
O BRMES
B RMRE
_IREEIS RN
B P51

O #lF
Sentence (X)  Stefan Liu will graduate from Carnegie Mellon University
Named Entity
Tags (Y) O O O
Sentence (X) | ate two apples

tags (Y) PRP VBD CD NNS
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A3 Y L
J BAESIE{ESS: Text to Text
S
O {E5HEa EE iE
RPN —EQSZZIK H3E Happy Year of the Dragon, may all
- EAH:'. ERSZZIK a your wishes come true
BID . T FX
TP iE Feliz Aio del Dragon, que todos tus
L1 E-{ZIKEE% = deseos se hagan realidad
m EEENF sgix  |Bonne année du Dragon, que tous vos
e souhaits se réalisent
giE | FEDPEBHTES ITVET. OF
- aNE
f@3E Gltckliches Drachenjahr, mogen alle
alo deine Wunsche in Erfullung gehen

B UARBE
B BEXNE

O #l—+
"“WEERER, JFE

IR BUENE
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B exs=0mEs: Text to Tree

O {F55mA

BN —EIXA

B REENRES
O BRMES

B EEN: ERREIENEIITHAS

B RIER: RN T AFPEENREZ ARIKEER
O <

IP &+

[

NP % VP 3 1

NNzig VVazig VP =

|
o EXK V‘\f'm NN| s

Y

https:.//opensource.niutrans.com/mtbook/section3-4.html
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J HAIES A IE{ESS: Word Prediction

O (S5t BSE— 1 A=BFY, FTlEREKEYATT (token)
E{KMES:
m ESEE
B EEEFRES
BIl—F
mOETERR

TC BRI T AR
A

For a long time I saw happiness as a huge banner (B&#2) across the finish line of a long race.I felt that only

whenl__1 certain things could I finally be happy in my life.Most of the time [ felt like a tortoise believing that

being slowand_ 2 would win the race.At other times | would__ 3 like a rabbit trying different side roads ata

dangerous __4__ hoping to reach that banner a little faster.__5__, 1 began to see that no matter how long I raced

towards it, the banner was never any_ 6 I finally decided to__7 and take a break.It was then that I saw

my__8 sitting beside me.

It had been with me as I__ 9 hard to support my family, as [ played with my children and heard their__ 10 _and
even when Iwas __ 11 with my wife at my side looking after me.It had been with me as I raced towards that
stupid banner.I just didn’t have the__12_ to see it.

There is an old Chinese proverb that says, “Tension is who you think you should be._ 13 is who you are."Perhaps
we all should stop our race towards the 14 life we think we should have and 15 the life we have

now.Happiness will never be found under some banner far away.lIt will be found _16__your own heart, soul and

mind.It will be found when you_ 17  that others love you just as you do.
Don’t be a tortoise or a rabbit when it comes to your happiness.Be a playful puppy and carry your stick
of 18 with you everywhere you go._ 19 yourself out of the race and realize that when it comes to love and

haopiness. vouare 20 there.



B asissamh—LteEEa: Prediction Task

e Text Classification (text -> label): task-textclass

e Text Pair Classification (two texts -> label: task-textpair

e Sequence Labeling (text -> one label per token): task-seglab

e Extractive Summarization (text -> subset of text): task-extractive (implies text-seqlab )

e Span Labeling (text -> labels on spans): task-spanlab

e Language Modeling (predict probability of text): task-1m

» Conditioned Language Modeling (some input -> text): task-condlm (implies task-1m)

* Sequence-to-sequence Tasks (text -> text, including MT): task-seg2seq (implies task-condlm )

* (loze-style Prediction, Masked Language Modeling (right and left context -> word): task-cloze

* Context Prediction (as in word2vec) (word -> right and left context): task-context

» Relation Prediction (text -> graph of relations between words, including dependency parsing): task-relation

» Tree Prediction (text -> tree, including syntactic and some semantic semantic parsing): task-tree
e Graph Prediction (text -> graph not necessarily between nodes): task-graph

* Lexicon Induction/Embedding Alignment (text/embeddings -> bi- or multi-lingual lexicon): task-lexicon

 Word Alignment (parallel text -> alignment between words): task-alignment

https://github.com/neulab/nn4nlp-concepts/blob/master/concepts.md



https://github.com/neulab/nn4nlp-concepts/blob/master/concepts.md

N asniesamh—wssmns:

Optimization/Learning

Optimizers and Optimization Techniques

e Mini-batch SGD: optim-sgd

e Adam: optim-adam (implies optim-sgd )

e Adagrad: optim-adagrad (implies optim-sgd )

e Adadelta: optim-adadelta (implies optim-sgd )

e Adam with Specialized Transformer Learning Rate ("Noam" Schedule): optim-noam (implies optim-adam )
¢ SGD with Momentum: optim-momentum (implies optim-sgd )

e AMS: optim-amsgrad (implies optim-sgd )

e Projection / Projected Gradient Descent: optim-projection (implies optim-sgd )

Initialization
¢ Glorot/Xavier Initialization: init-glorot

¢ He Initialization: init-he

Regularization

e Dropout: reg-dropout

e Word Dropout: reg-worddropout (implies reg-dropout )

e Norm (L1/L2) Regularization: reg-norm

e Early Stopping: reg-stopping

e Patience: reg-patience (implies reg-stopping )
* Weight Decay: reg-decay

e Label Smoothing: reg-labelsmooth

Loss Functions (other than cross-entropy)

e Canonical Correlation Analysis (CCA): loss-cca

e Singular Value Decomposition (SVD): loss-svd

e Margin-based Loss Functions: loss-margin

e Contrastive Loss: loss-cons

¢ Noise Contrastive Estimation (NCE): loss-nce (implies loss-cons )

e Triplet Loss: loss-triplet (implies loss-cons )

Training Paradigms

e Multi-task Learning (MTL): train-mtl

e Multi-lingual Learning (MLL): train-m1l (implies train-mtl )
e Transfer Learning: train-transfer

e Active Learning: train-active

e Data Augmentation: train-augment

e Curriculum Learning: train-curriculum

e Parallel Training: train-parallel

21



N axiasqmh—tEsES: Neural Arcs

Activation Functions

Hyperbolic Tangent (tanh): activ-tanh

Rectified Linear Units (RelU): activ-relu

Pooling Operations

Max Pooling: pool-max
Mean Pooling: pool-mean

k-Max Pooling: pool-kmax

Recurrent Architectures

Recurrent Neural Network (RNN): arch-rnn
Bi-directional Recurrent Neural Network (Bi-RNN): arch-birnn (implies arch-rnn )

Long Short-term Memory (LSTM): arch-1stm (implies arch-rnn )

Architectural Techniques

Residual Connections (ResNet): arch-residual

Gating Connections, Highway Connections: arch-gating
Memory: arch-memo

Copy Mechanism: arch-copy

Bilinear, Biaffine Models: arch-bilinear

Coverage Vectors/Penalties: arch-coverage

Subword Units: arch-subword

Energy-based, Globally-normalized Mdels: arch-energy

Standard Composite Architectures

e Transformer: arch-transformer (in\pHes arch-selfatt , arch-residual ,

Bi-directional Long Short-term Memory (LSTM): arch-bilstm (implies arch-birnn, arch-lstm)

Gated Recurrent Units (GRU): arch-gru (implies arch-ran )

Bi-directional Gated Recurrent Units (GRU): arch-bigru (implies arch-birnn, arch-gru)

Other Sequential/Structured Architectures

Bag-of-words, Bag-of-embeddings, Continuous Bag-of-words (BOW): arch-bow
Convolutional Neural Networks (CNN): arch-cnn

Attention: arch-att

Self Attention: arch-selfatt (implies arch-att)

Recursive Neural Network (RecNN): arch-recnn

Tree-structured Long Short-term Memary (TreeLSTM): arch-treelstm (implies arch-recnn )
Graph Neural Network (GNN): arch-gnn

Graph Convolutional Neural Network (GCNN): arch-genn (implies arch-gnn )

arch-layernorm ,

optim-noam )

22



N asissaEh—vsEmnEs: He

Composite Pre-trained Embedding Techniques

e word2vec: pre-word2vec (implies arch-cbow, task-cloze , task-context )

o fasttext: pre-fasttext (implies arch-cbow, arch-subword , task-cloze , task-context )
o GloVe: pre-glove

e Paragraph Vector (ParaVec): pre-paravec

° Skip—thought: pre-skipthought (impl\'es arch-1stm , task-seq2seq )

* ELMo: pre-elmo (implies arch-bilstm, task-1m)

e BERT: pre-bert (\'mp\ies arch-transformer , task-cloze , task-textpair )

* Universal Sentence Encoder (USE): pre-use (implies arch-transformer , task-seq2seq )

Structured Models/Algorithms

* Hidden Markov Models (HMM): struct-hmm
* Conditional Random Fields (CRF): struct-crf
o Context-free Grammar (CFG): struct-cfg

* Combinatorial Categorical Grammar (CCG): struct-ccg

Relaxation/Training Methods for Non-differentiable Functions

e Complete Enumeration: nondif-enum

* Straight-through Estimator: nondif-straightthrough

o Gumbel Softmax: nondif-gumbelsoftmax

* Minimum Risk Training: nondif-minrisk
o REINFORCE: nondif-reinforce

Adversarial Methods

* Generative Adversarial Networks (GAN): adv-gan
* Adversarial Feature Learning: adv-feat

* Adversarial Examples: adv-examp

Latent Variable Models

e Variational Auto-encoder (VAE): latent-vae

* Topic Model: latent-topic

Meta Learning

* Meta-learning Initialization: meta-init
¢ Meta-learning Optimizers: meta-optim
e Meta-learning Loss functions: meta-loss

e Neural Architecture Search: meta-arch

23



B axssamEaR: mEE (2010-E)

[0 Feature Engineering

0 Architecture Engineering
0 Objective Engineering
O Prompt Engineering

- Paradigm: Fully Supervised

Learning (Non-neural Network)

- Date. Before 2013
- Characteristic. Traditional machine

learning model is mainly used,
which requires manual feature
definition of input text

- Typical Work:

- CRF (Conditional Random Field)



B axssamEaR: mEE (2010-E)

OO0 Feature Engineering

0 Architecture Engineering
0 Objective Engineering

O Prompt Engineering

- Paradigm: Fully Supervised

Learning (Neural Network)
Date: 2013 - 2018

- Characteristic:

- Rely on neural networks

- Do not need to manually define features, but
should explore the network structure (e.g.:

LSTM v.s CNN)

- Typical Work::

- CNN for Text Classification



B axssamEaR: mEE (2010-E)

OO0 Feature Engineering

0 Architecture Engineering
[0 Objective Engineering
O Prompt Engineering

- Paradigm: Pre-train, Fine-tune
- Date: 2018-Now
- Characteristic:

- context-dependent PLMs

- Need to pay attention to the definition and

selection of objective functions

- Typical Work: BERT



B axssamEaR: mEE (2010-E)

OO0 Feature Engineering

0 Architecture Engineering
0 Objective Engineering
0 Prompt Engineering

- Paradigm: Pre-train, Prompt, Predict
- Date:. 2019-Now
- Characteristic:

- NLP tasks are modeled entirely by relying on
PLMs

- More efforts on prompt design

- Typical Work: GPT3
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https://public.flourish.studio/visualisation/16875387/
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Fine-tuning Prompting
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N sRsRTE g AAENE

RE A KR AL

Chelsea Finn @chelseabfinn - Apr1
In light of tremendous Al advances & recent calls for pauses on AGI
research, I've decided to pivot our lab’s direction.

Going forward, we'll focus entirely on certain real-world applications (see
thread Jl for details). It was a hard decision but I'm excited for our future
work

Q as 11 s0 Q) 1,061 i1 B12.6K
/ InfAarmatin \ \/ / <

|
I *Large
|

|

|

I Sasha Rush

I @srush_nlp

|

|

|

|

Language
Model

Large
Language
Model

*Large
Language
Model

N ul [+

Irresponsible thought:

ICLM - International Conference on Language Modeling. Would be ICLR-
like with topics on applications, efficiency, evaluation, open-source,
interpretability, "safety", architectures.

I L]
Mact Denny Zhou & LaeragrL?aege Lar%S[?aege
‘ @denny_zhou
Traiwsl Y Model Model

I Maybe time to initiate a new conference dedicated to LLMs, reminiscen
| = of how ICLR emerged for DL years ago. This could also help reduce
L submissions to NeurlPS and ICLR. Any thoughts? _ _

——"h——:———————————————

Syntax:

Tagging,
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N sRsRTE g AAENE

o ACL |

| * Research Area

I Research Areas / Tracks. Select the most relevant research area / track for your paper. Thii !

1o Computational Social Science and Cultural Analytics
O Dialogue and Interactive Systems
j © Discourse and Pragmatics
| O Efficient/Low-Resource Methods for NLP
I O Ethics, Bias, and Fairness
| ® Generation
I O Information Extraction
O Information Retrieval and Text Mining
| O Interpretability and Analysis of Models for NLP
| O Linguistic theories, Cognitive Modeling and Psycholinguistics
I © Machine Learning for NLP
I O Machine Translation
| ® Multilinguality and Language Diversity
I O Multimodality and Language Grounding to Vision, Robotics and Beyond
| O Phonology, Morphology and Word Segmentation
1 O Question Answering
I © Resources and Evaluation
I O semantics: Lexical
| O Semantics: Sentence-level Semantics, Textual Inference and Other areas
I O Sentiment Analysis, Stylistic Analysis, and Argument Mining
| © Speech recognition, text-to-speech and spoken language understanding
I O Summarization
I O Syntax: Tagging, Chunking and Parsing / ML
I O NLP Applications
I O Special Theme (conference specific)

: ;a;fo:l’a:e:s:_ - COLM

I We consider a broad range of subject areas focused on language modeling for t
"language model" in the broadest way. A non-exhaustive list of topics of interes

1. All about alignment: fine-tuning, instruction-tuning, reinforcement learnir
context alignment

2. All about data: pre-training data, alignment data, and synthetic data --- via
generation

3. All about evaluation: benchmarks, simulation environments, scalable over
and/or machine evaluation

4. All about societal implications: bias, equity, misuse, jobs, climate change, :
5. All about safety: security, privacy, misinformation, adversarial attacks and

6. Science of LMs: scaling laws, fundamental limitations, emergent capabiliti
training dynamics, grokking, learning theory for LMs

7.Compute efficient LMs: distillation, compression, quantization, sample efi

8. Engineering for large LMs: distributed training and inference on different
instability

9. Learning algorithms for LMs: learning, unlearning, meta learning, model v
10. Inference algorithms for LMs: decoding algorithms, reasoning algorithms,

11. Human mind, brain, philosophy, laws and LMs: cognitive science, neuros«
philosophical, or legal perspectives on LMs

12. LMs for everyone: multi-linguality, low-resource languages, vernacular lar

13. LMs and the world: factuality, retrieval-augmented LMs, knowledge mode
social norms, pragmatics, and world models

L o o o o o o o o oo omm e o o o e e e e e e e e e e e mm e e mm mm =
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O 102gy: ACL/EMNLP/ICM
O 5%g7): ArXiv

4.1

] RATRARRBURR &

O IE: Github/Twitter/&SFFiENX

O Im-sys / FastChat

<> Code (O lIssues 395 17 Pull requests 12 ® Actions @ Security |~ Insights

tatsu-lab / stanford_alpaca

== FastChat

©® lssues 159 11 Pull requests 17

Public & Watch 311 -

¥ main ~ ¥ 7 branches > 16 tags Go to file Add file ~
é merrymercy Fix falcon chat template (#2464) + 2855bF9 18 hours ago  ¥T) 576 commits
.github update .github 2 months ago
assets Release MT-bench code (#1722) 3 months ago
data Minor style fixes (#1638) 3 months ago
docker chore: docker worker models are configurable (#1893) 2 months ago
docs vlim worker awq quantization update (#¥2463) 20 hours ago
fastchat Fix falcon chat template (#2464) 18 hours ago
playground Support claude v2 (#1394) 2 months ago
scripts To add a python script to shutdown serve (#2196) last month
s Dillsrenrnia 05N R R A AR R SR -

alpaca_data,json release
P J

@® 332 watching
6 months ago

et

Q Type [/] to search

Y Fork 33k - Ty Star 27.6k -

About

An open platform for training, serving,
and evaluating large language models.
Release repo for Vicuna and Chatbot
Arena.

Readme

Apache-2.0 license

Activity

27.6k stars

311 watching

£ 0 % 3B

3.3k forks

Report repository

Releases 8
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N rEmemitx?

ERIARK

0o ~N O w1 A W N =

. BKIZHE
. RRIRE
. RERE

RAFPEO
AIZZE & ¥I5%
LLMOps

. BREIEE
. MEREM
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N stoman@mFFRIT?

Q

. BRIZHE

. BRTE

. AR
RAPEO
AIZ 2 & W55
LLMOps

. BHEEINEE

. WRRE

00O N OO U AW N

ERAALEERA, TRVATXFZTEHREGHL, BEEZHRERELIE
#r, BURBREZEHTEXNES, o=, RERE, Hicd TEABERTE

(DIRAAXBEBASBERE . Q)REXITEE LT
TR TTRRRE T .
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J GitHub

O GitHub E—FfETWebfILBIEEES
O GitHubf$ _GIt{’EjJH&ZI.T} |ZRSF
O GitHubfFEEINgeEiE:
B BEE: FREYULBMEIIRREFEEEGItHub E
B RAEH: GitHUbERGIUHITRAEH, RIFFAS R
|
[ |

MES#3Z: GitHUbfEH 7T —ZRFIMMELR, WEARER. &§HiEK. ABFEE
MEEHE: GitHubsrAFEIZIE. BN, ER

3,672 contributions in 2022 Contribution settings «
Jan Feb Mar Apr viay un ul Aug Sep Oct Moy De

[ & 1 eEre 2 B 88 (1]

Mon [ | I ] [ | [ 1] ]| [ ] [ |
0] BT aEEEn 0] 2 an i B a8

Wed B EEeEe [ I [ ] | g e [ I | o
o [ [ I | | [ I Iz
Fri an [ ] | [ | i) an i



g GitHub

O RNiERER

Repository: f&FRRepo, BILIEEN "GFE"

Issues: "[ARR" SIBFAERM

Star: "

Fork: "fins" HEHEKS FEIE—S/RIBfHEEIEZAIE
Pull Request: FJLUIEMR AN "RBRIBEXK" |, RigEENEIBrE
Merge: "&H" , §FtEAPull Request

— O huggingface / transformers @ng Q Type (/] to search

<> Code |O Issues 739 ||I'1 Pull requests 220 | ® Actions [ Projects 25 @ Security |~ Insights

¥ transformers Public ® Watch 11k~

¥ main ~ ¥ 337 Branches © 148 Tags

% Fork 24.2k

-

o FIBEERINSIHE e - At

¥ Star 120k

—F%"szf‘ﬁﬁg & Transformers: State-of-the-art

Machine Learning for Pytorch,

! tjs-intel Add support for fine-tuning CLIP-like models using contrastive-image... @B «/  ee3af60-1hourago &) 15,164 Commits

B circleci change version (#29097) yesterday
B8 .github Fix a wrong link to CONTRIBUTING.md section in PR templat... 2 weeks ago
B docker AQLM guantizer support (#28928) last week

TensorFlow, and JAX.

& huggingface.co/transformers

python nlp

machine-learning

natural-language-processing deep-learning

11
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g GitHub

O T8XH
B NE Brepod S)ARYIRERIENZIp T E
m  Clone: £ Git SZEEF e fE2I AT EAL
O {ERR<1T: git clone [FEEE]
O {EFGIt Desktop

O GithubBIEFGRE

Repo name

1%+ Public/Private

BSReadme

Q Go tofile + Add file ~ Al
Local Codespaces N
Clone ©) as
k prompt al . A
t A 12 (=l
HTTPS SSH  GitHub CLI IR %
lemos
2 . : O
https://github. com/hongtangshui/Reasoning-evall Ll;l
lemos %
Clone using the web URL TEatiEE
it
Re
wal script [} Open with GitHub Desktop GitsEmiR &
MNag
@ load =
il Download ZIP .
TEZIPIHF
Pz

Type (/] to search

2 35 + <~ | Q|

& Unwatch 1 +« ¥

No desci

@ 8 Commits

& Newre pository

E+ Import repository

S New codespace

<> New gist

8

New organization :
vided.

Ml Dandesa
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J GitHub

O Gt2— 1o HhIURAEHRS, BTFIRGISEF &I E FRIREBIE
O BILAfEREGIt clone glthubJ:E’Jﬁﬁf_'J At BEE2lgithub E
O GitZs:

B  windows: https://git-scm.com/

B Linux: apt-get install git
[ %’1 Y IGIE glt T&‘;’éUglthubET ﬁ'ﬁ?g%’{ \?J_LIIE(HTTPS_Z%SSH)
O Gitgllins
git init: FIRIERYIBHAI—1gitBE
git clone [FEHEE]: B— MR cloneZ| At
git pull: EFTAIHES
git push: B EFHEXZITIZECE



J GitHub

O #iz
B EASXH: https://docs.github.com/zh/get-started
B GithubMukL/M3: https://zhuanlan.zhihu.com/p/664195515
B Gitap$AB: https://zhuanlan.zhihu.com/p/369486197
B ChatGPTXTFGithubfJEEE

42


https://zhuanlan.zhihu.com/p/369486197
https://chat.openai.com/share/4e5ab525-1986-4f90-be48-088ea70dd1f3

J VSCode

O Visual Studio Codefy485, E—arEHMicrosoftF

ERANEIRIERS

B RE

B FEY RS miEEE

B GitsRk

m BRE 5=, the, KBiREsE

OO0 %% Visual Studio Code - Code Editing. Redefined
O ke

: CTRL+, B

RIRZE. FT

RHYE
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https://code.visualstudio.com/

J VSCode

O FE/FIF SUS/ S Hk: = EfFile

O 0O 0O O

FTFHF2&um: CTRL+SHIFT+Y
i &: Python(iz1TpythontE

=178 © B LAFS%U%

), Remote-SSH(fE&E
JVscodefJPythoni &

\—/—

1517,

%)
(e ST
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J VSCode

AR RS

B ¥ ELIERemote SSH
B EihtEsERemote Explorer

B NIETRITREERE . mANEEGS, BieE

|

File

Edit Selection View Go Run Terminal Help

REMOTE EXPLORER | Remotes (Tunnels; v

“ REMOTES (TUNNELS/SSH)

(] pjlab-52-1
[ GAIR_A800
(] 30091_GAIRA100
] 30197_GAIRA100
] 30073_GAIRA100
] 30241_GAIRA100

Fnter SSH Cannertinn Command

Press 'Enter’ to confirm your input or ‘Escape’ to cancel
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J VSCode

O #G=
B EANXA: https://code.visualstudio.com/Docs
B ©iEiEEE https://blog.csdn.net/zhaxun/article/details/120568402
1=17: https://blog.csdn.net/zhangkai950121/article/details/117395333

[
B ChatGPTXFVScodefy&ZeE: https://chat.openai.com/share/7ee10cff-689a-4ff4-a85d-
10d63fb040b3
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J Google Colab

0 Google Colab

https://colab.research.google.com/

Google ColabZ2HGooglefZtH—FfR BN =imJupyterEicAIRS. SRITFHFPE

Pythonf{iB, MEREAIITEN =4
S EEA

GPUSZHF

TG &% 7 FpythonERIFESR
Jupytersz ¥ ETFjupyter notebook

cO FRiN{sEA Colaboratory
M R UE BA RBENTER 12 B
M x * K5 + 3K A SHE RS

‘ = H=:
Q @A
.
I XRIEBfsEF Colab !
[x} #ERE
R - - ¥ g
o EH (FFI08E) LA Gemini AP
BEZER
O s Generate a Gemini APl key,
Lo )| « Talk to Gemini with the Speech-to-Text API
) » Compare Gemini with ChatGPT
‘ + | * More notebooks

MEECERE Colab, EMELLAT, 7THEINFEE. CHTHNBNHRCRENDSHER.

wE -

®HE 0 o

Colab Al A

—_—N—

fla

1THRS
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J Google Colab

O Jupyter Notebook
B RENE, aLiErAMarkdown3 A
{5
O —Njupyter notebookHn AZ MR, BPNRANIBIRE AR
O RBRaLAEpythonfUiEFiziT, MXAREmarkdownIA

O 7RG, ETEREREBERTT(CLINSANE, BFIRE, TEFHIRE), BiziTH
ffCASERATEILAS | FIXLEeEREL, &8

O fERShift + enterf{THRIR(KIBHRIZITpython, XARESRmarkdown), FETFHEEIE—H
HYEBLR

O CABESER +85< ST ERKimTMmASS
B Note: vscodedpZ&Ejupytery BZ/E, B4 BEXAipynbte]LAFERjupyter notebook



J Google Colab

0 Google Colabig&
B {FHGPU: UBHITIE->EXO= YA - > {410
B !nvidia-smi E&GPU

Invidia-smi

Wed Feb 21 ©7:58:02 2024

e et e e -
| NVIDIA-SMI 535.104.05 Driver Version: 535.104.05 CUDA Version: 12.2 |
[ == e Hom e -
| GPU Name Persistence-M | Bus-Id Disp.A | Volatile Uncorr. ECC |
| Fan Temp  Perf Pur:Usage/Cap | Memory-Usage | GPU-Util Compute M.

| | | MIG M. |
e p==== ====j==================oooc|
| © Tesla T4 Off | coeooveo:00:04.0 OFf | 2 |
| N/JA  38C P8 oW / 70w | @MiB / 1536@MiB | 0% Default |
| | | /A |
o oo o -
e +
| Processes: |
| GPU GI (I PID Type Process name GPU Memory |
| D ID Usage |
|= s S e e T e e e e

|

No running processes found
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J Google Colab

O #HFE:

Google ColabERZFE: https://colab.research.google.com/#scrollTo=2fhs6GZ4gFMx

Jupyter Notebook3Z#5: https://docs.jupyter.org/en/latest/
Jupyter Notebook#{#Z: https://zhuanlan.zhihu.com/p/75402607
Att{ERJupyter notebook: https://zhuanlan.zhihu.com/p/33105153
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https://colab.research.google.com/#scrollTo=2fhs6GZ4qFMx
https://docs.jupyter.org/en/latest/

B Linux

O Linux: FRREERS
B ERERSESEESLINnuXERSR
O REE\EBEELGUI, REEmSITRRE
O RFEBEREH
B /home: HFRIEHR, ELinux$, 81MEFPESE—ECHBER, —RzBREEUBFEY
K-S anEaY
B /mnt: BEREMBIINERS
B /root: BAMIRENAFEER
B /Jusr: ZNAERIMEESRAEXTERT, HSwindows NaJprogram filesHR

lib libel Lost swap.img
1ib32 1ibx32

ol



B Linux

O Linuxgllans:
" {EfAman+®< HE B —-help AILEES WAL, S8, EATES

® Y0 man cat; cat --help

s ERYMEFTIFXMH/BFE  grep  BEXMGPFEEXEFHE
cd ¥R B % find FEIEEEXTEH XM

pwd BRERTER cat EBRXHFAR

mkdir  BIEEX head ERXHRARINTT

mv % X/ B 3% tail BRXHFARENT

cp 8 H30H/ B3R df X REBAUEFHE
rm AR SC A5/ B 3% du KWEME=EFEAZ

echo FTENZFFF & chmod L SAF PR



B Linux

O VimZmigss:
B Frivim: vim+344
B VimoA=FE
O <RI NISsivim, BRABIRB A TIERATR,
O EWAREIV iRz MR | ENBARE, WAEEMmANBMAFAEINUY

B SR AR Vim/Vi TAERE
®m ENTER: [AZ%F
A M
m DEL; ﬂﬂUBﬁ vi filename #r N\ :wq
B ESC: [2GSET S ER
0 FEHOEE EHOER TR ARG ER i P
m wqg — REHEH ESC# : S REAT

B\ —— MXHRE XX RS RAGSER
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B Linux

0 Shell:
B 5 EsE SLInkRZX BENEEIES
B Linux®dE HBShellEBash
B 55— bashi:

O
O

O

BIE—A 3 vim test.sh
#r \N—Leftag:  #!/bin/bash

echo "Hello wWorld !*
(B—1THIEEMBERE, £ iTechoklFCrhprintf)
chimod +x ./test.sh 2HIABBHITNR
E{T: /test.sh

root@a800: /home/xfli#f vim test.sh
root@a800: /home/xfli#f chmod +x ./test.sh
root@a800: /home/xflil#f ./test.sh

Hello World !
root@a800: /home/xflit
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B Linux

O #HFE:

https://www.runoob.com/linux/linux-tutorial.ntm!
https://www.w3cschool.cn/linux/linux-tutorial. html (B &%, vim#E iz,
shell 2 F)

GPTZ&%: https://chat.openai.com/share/f4d41c2e-8c9c-4293-8cbh9-
1f8¢c1f81a89f

95


https://www.runoob.com/linux/linux-tutorial.html

J Python

O Python:

B ITRREEESZ— ASURERRZES

B T#F; https://www.python.org/
O Python@EiIAGE fREIH PR ZFIEHN TR

B HTERPythonRIBBEKHt—LSFNE

B FAEAREFENEA—F, BEEUERER—MERIRRERZ

B FENFINEPIBRE—EURE, @XM IERENS
0 Anaconda:

B SEAAIPythonBEERE, AILARTEIZEIIAE, FEAEINIKRE

® Anaconda ?% Free Download | Anaconda

[P =
T

THIKEFNE
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https://www.python.org/
https://www.anaconda.com/download

J Python

0 AnacondafsEH:
B REHAIAE: conda create —-name myenv

AUEREHAIAEE: conda activate myenv

ERIIMNEPZEE (BRI EREIIAE): pip install numpy & conda install numpy
1E1TpythontERF (STELEXTRIIAER): python run.py

IBHIAIE: conda deactivate

BT EIAE: conda env list

HIH SRR AT B (CtAlEREMUIAR): pip list

o7



J Python

O PythonEZAE;
B FREHIndentMAFHETRBREFZENIXR, BERLEDS,
m FIEDEIN: print( “hello world !" )
B TEMEUERE
0 PythonT R ERTERE
B, FRE, FRE, Yk th, FH, &5

B EFHEIR SCEREE
O If elif else

O for xin list:
BRI SEERNEFNREERZRE, JLUREIZIME
0 def add numbers(a, b):

B return a+b



J Python

O 22

B Python: https://docs.python.org/zh-cn/3/tutorial/index.html

B CondaZZs:

O Windows: https://blog.csdn.net/wyf2017/article/details/118676765

O Linux: https://blog.csdn.net/fan18317517352/article/details/123035625
B GPTZ&E: https://chat.openai.com/share/37fa5858-bd99-430c-9606-efe97e3e69f4
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https://docs.python.org/zh-cn/3/tutorial/index.html
https://blog.csdn.net/wyf2017/article/details/118676765
https://blog.csdn.net/fan18317517352/article/details/123035625

B chatcPTiER

O https://chat.openai.com/

@ ChatGI;?ﬁ@ H I

33 Explore GPTs

GPTS

4

ChatGPT 35 ~

‘ FFEEnEK

Faksab OAr

R D

RE

PEIHE
© vou

s

ChatGPT
1R BARILAREBRAINS?

09O @

Is this conversation helpfulsofar? (% P X

>

60


https://chat.openai.com/

B chatGpTiEH

O Prompt
" WizEILUTHAE
O AesliEiARE: "RE—EERNATEESF
O SEXBRER.
O FESHNFEAMBIIR (FREAIEDTESHER)
O &/ 6 (FRbsNESB8REEER)

Note:
O JSONIBRESEMRERE (BHEGPT 4-1106%ERA)
O JErRNIZEHEREE,
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B chatGpTiEm

O Anythi P ti
DUEARER, ERTRERENMOIE. MR BN E R RERENEFLTR. BOTER MR, HIBRaHEY

RR— PN ATEERF, (FEERERG, RIBSENRREI me: SO RLARLENS, BEWENG RS, XTHEMRNSE, THE AR LR
NTEEEER—MEEEE. EIOFFISENEIUEERER. T4 g ‘
PREETIEHRRRRT, (RRESFLL RN
1. EE BIRE B AR NS TR
2. BINEEFNIE B AR ESTE
3. ?Ejﬁﬁffﬁﬁﬂﬁﬂﬁd@I\EI’JFEE;‘%%EE}ZE@Q, EERFERREARE
=y
4. EERAMNEINRY, SE B SERGINIrE AR, iRt
1 PIEESHIEIN, AERIRIT3MRIRANEN, EEX4 ML g \ RHAETESEAFINE: S5 TENRASER, MARME
BEHLAOIRREHED AL, BAERNENME. BIVRENEMEERAER, P2
EMEAER, BRI R ESSaE %2, REIMEENITL. D@, S5 (ERFRKA....

FNEMEEFE B mAEX
. BNEREERIERNE

9. FEEBEENATRYEEFSH

ERAERASIEANET

= 10. fOREREE. Mo FNEE

M. ERSHTREARR

12, B SHraIIE

0. BRI THAAGINGHANERE, RTIAHE
RSN (RWBFE) BRI —MAE, REMAOMR, EE~RERENIAZIM. WL, RAMOMR, DrIsf, ENAER. (ELE~E)
ER: C

®~ o w

A==l
EERREE

LITE1M 5 Rt NAREE /A SEEEEPREAMES
5

{example}

UEN—2—28%, SERfIHESEEEE (input_law}"{action},
HORER THAZE:

e

T

&

o
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